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Channel Estimation in MIMO-OFDM
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For MIMO-OFDM system, the channel
estimation has an important role in
determining the quality of the data
transmission from transmitter to
receiver.

Proposed CS Algorithm
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Simulation Result

BER curve for Linnier Int, OMP, StOMP, CoOSAMP  Ccomparation BER OMP & Interpolation (PS=16)
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Compressed Sensing
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subcarrier index
Received value pilots J -

CSI at pilots =
{ b priots Known value pilots

I Mx1

Interpolation MethOd known received vector

measurement matrix (M < N)
- = Pilot = unknown sparse vector and N x1
most value are zero.
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[ s Advantage : \

» Low complexity
“* Problem :
» Performance impacted by noise power

» Needs larger number of pilots to
achieve good performance. /

Proposed MIMO-OFDM Systems

T

\_

Rxl

h

meex  Channel

Estimation
hil
L} ] ’ hu
| I " 1 h21
3
[ &
3 9 Index

Data Stream A D

Data Stream

Conclusions and Future Research

Conclusions

* We confirmed that our proposed Compressed Sensing algorithm for channel
estimation with randomly selected small number of pilots at the receiver
side, can achieve almost same BER performance to that of the
conventional OMP algorithm with large number of pilots.

¢ Using proposed Compressed Sensing algorithm by selected small number of
pilots, we can reduced computational complexity because measurement

matrix largely reduced.

Future Research

*We will proposed which the best performance by select randomly pilots in

different CS method to reduce the complexity
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